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Fig. 3. Segments extracted from images I1 and I2  
using the MinLGS algorithm (based on GWRG)

Weighted characteristics of the results  
of detection of points and lines of images I1 and I2

Detectors NO
^NE Source

SIFT 1861 0.960 [15]

SURF 626 0.965 [16]

Sobel 1251 0.951
[11]

Canny 1005 0.961

MinLGS 
(based on GWRG) 849 0.124 This work

Conclusions
Algorithms for segmenting grayscale images based on local brightness gradient minima and gradient-wave 

region growing of local maxima have been developed. It has been established that the developed segmentation 
algorithms provide more stable region localisation under changing weather and time conditions for image forma-
tion, compared to existing line and keypoint extraction algorithms, albeit with higher computational complexity.
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